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From queries to answers: how AI 
is changing evidence retrieval

Jon Brassey www.tripdatabase.com     jon.brassey@tripdatabase.com



ATTRACT
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ATTRACT clinical Q&A service
Based in Gwent, South-East Wales.

Doctors wanted answers
Not search or appraisal skills.

A manual clinical Q&A system
Questions researched and answered by hand.

3–6 hours each
The time each answer would take to produce.
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Trip Database
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Started in 1997
Created to support ATTRACT — nearly three decades of clinical evidence search.

High-quality content, always
A consistent focus on guidelines, systematic reviews and HTAs.

Used across the globe
Searched hundreds of millions of times worldwide.

Independent, freemium model
Core search is free; Pro adds more — free trials are available.
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Search finds documents,
not 
answers.



November 2022: AI became accessible
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ChatGPT released
A single launch that changed how the public met AI.

Powerful AI left the lab
State-of-the-art models became available to everyone, overnight.

Natural language as the interface
Asking a question became a new way to find answers.

User expectations changed — permanently
People now expect answers, not just lists of links.



AI meets Trip = AskTrip
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Retrieval Augmented Generation (RAG)

• You control the information the AI can draw from.

• Relevant content is retrieved first, then given to the AI to answer the 
question.

• This grounds answers in trusted evidence rather than relying on the 
model's memory.

• Reduces hallucinations and makes answers more transparent and 
traceable.

Not just another chatbot

It is not simply ChatGPT, Claude or Copilot 
— it's a natural language question-
answering system built on Trip's curated 
evidence base.
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RAG Process
clinical Q&A

* AI-powered steps

1 User Input

2 Query Transformation*

3 Search Execution

4 Relevance Ranking*

5 Evidence Extraction*

6 Answer Generation*



“Rocio Uncovers, We Recover”
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Other features
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Beyond Trip

Extending answers past Trip's own index when the 
question needs it.

Spanish language

Ask and answer clinical questions in Spanish.



In one year
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20,000+
questions answered

A powerful new version added:

• Longer answers

• Tackling EBM wallpaper and intent drift

• Improved search

• Answer score improvements (including Trip scores)

• Transparency

• Explore further
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EBM wallpaper and intent drift
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EBM wallpaper

Evidence-based language is easy for AI to produce —
even when the answer is not genuinely grounded in 
the best available evidence.

Intent drift

An AI answer can sound convincing while gradually 
answering a different question from the one the user 
actually asked.



Improved search: three searches, up from one
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Original lexical search

Precision-led

Closely matches the user's wording and 
concepts, aiming to retrieve the most 
directly relevant evidence.

New lexical search

Recall-led

Reformulates or broadens the query to 
capture evidence that may use different 
terminology, reducing the risk of missing 
useful material.

Vector search

Meaning-led

Matches by similarity of meaning rather 
than words — explained over the next 
few slides.



Vector search: the problem we all know
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• Keyword search matches strings, not meaning.

• Miss a synonym, miss the paper — “heart attack” won't find myocardial infarction.

• Hence the workarounds: 40-line search strings, MeSH mapping, truncation, endless synonym lists.

What if search understood meaning instead?



Vector search: how machines learn meaning
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A model learns patterns from billions of sentences
Sheer scale of language exposure, not hand-built rules.

It trains by predicting missing words
e.g. “The patient presented with chest ___.”

Words in similar contexts group together
Cardiac arrest, myocardial infarction and heart attack end up close neighbours.



Vector search: from meaning to numbers
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• The model represents meaning along hundreds of dimensions — think 
of them as axes like “symptoms”, “emotions”, “finance”.

• “Chest pain” scores highly on the symptom axis, barely on the others.

• That list of scores is its vector.

• Together, these axes form a kind of “meaning-space” — and every 
piece of text becomes a point in it.

“Chest pain”

symptom axis 0.92

emotion axis 0.05

finance axis 0.00

vector = [0.92, 0.05, 0.00 …]



What is vector search?
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1
Every document (or passage within it) is given a vector — its coordinates in meaning-space.

2
Your question or search terms are converted into a vector too.

3
Vector search measures the distance between the query vector and every document vector.

4
The closest matches are returned — ranked by similarity of meaning, not matching of words.



Vector search: why it matters

29

• “Heart attack” finds MI, myocardial infarction and cardiac arrest — no search string required.

• Spelling variants, phrasing and terminology drift stop being barriers.

• Users can ask natural questions (“does aspirin prevent stroke?”) instead of constructing Boolean logic.

The trade-off: less transparent and reproducible than a search string — which is why the future is likely both: 
vector search adding to the toolkit, not replacing it.



Open access is powering AskTrip

900

~70%
of journal articles available as full 

text

via OpenAlex

OpenAlex finds the open access

An outstanding index for surfacing open-access articles — giving AskTrip full 
text for roughly 70% of journal papers, not just abstracts.

Chunking the full text

Large documents are broken into smaller, focused chunks so the most 
relevant passages can be retrieved and cited.

Challenges remain

Some publishers block automated access — Cloudflare and similar 
protections can prevent spidering of otherwise-available content.



Answer score
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Transparency
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Transparency builds trust by showing users not just the answer, but the evidence and process behind it.
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Explore further: following the information need
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A clinical question is often just the start
Once users see an answer, they frequently realise what they need to ask next.

Suggested follow-up questions
Explore further helps users continue the journey with relevant next questions based on the answer they've just received.

Supporting an evolving information need
Rather than treating each question as an isolated search, AskTrip supports the evolution of the user's information need.



Explore further: what do users ask next?
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Analysis of real follow-up questions shows two dominant patterns:

Knowledge → Action

“What does the evidence tell me?” becomes “What 
should I actually do?”

General → Specific

A broad question is refined by adding a population, 
condition, comparator or outcome.



What the questions reveal
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Patterns in what users ask point to three kinds of gap:

Evidence gap

A lack of evidence to answer a 
question suggests a genuine 
research question — something 
the literature has yet to address.

Dissemination gap

Plenty of evidence, but the same 
question asked repeatedly, 
suggests the research exists but 
isn't reaching the people who 
need it.

The last mile

“Directly applicable evidence 
falls as patient complexity and 
specificity rise.”



ATTRACT versus AskTrip
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ATTRACT

10,000
Q&As over 12+ years

Hundreds of pounds
cost per answer

3–4 hours
to answer each question

AskTrip

10,000
Q&As in just over 6 months — now ~18,000

Pennies
cost per answer

~30 seconds
to answer each question
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